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Glossary

Arrival time The time of the first measurable energy of
a seismic phase on a seismogram.

Centroid The coordinates of the spatial or temporal av-
erage of some characteristic of an earthquake, such as
surface shaking intensity or moment release.

Data space If the data are described by a vector d, then
the data space D is the set of all possible values of d.

Direct search A search or inversion technique that does
not explicitly use derivatives.

Earthquake early-warning The goal of earthquake early-
warning is to estimate the shaking hazard of a large
earthquake at a nearby population center or other crit-
ical site before destructive S and surface waves have
reached the site. This requires that useful, probabilis-
tic constraint on the location and size of an earthquake
is obtained very rapidly.

Earthquake location An earthquake location specifies
a spatial position and time of occurrence for an
earthquake. The location may refer to the earthquake
hypocenter and corresponding origin time, a mean or
centroid of some spatial or temporal characteristic of
the earthquake, or another property of the earthquake
that can be spatially and temporally localized. This
term also refers to the process of locating an earth-
quake.
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Epicenter The point on the Earth’s surface directly above
a hypocenter.

Error A specified variation in the value assumed by a vari-
able. See also uncertainty.

Global search A search or inversion that samples
throughout the prior pdf of the unknown parameters.

Hypocenter The point in three-dimensional space of ini-
tial energy release of an earthquake rupture or other
seismic event.

Importance sampling A sampling procedure that draws
samples following the posterior pdf of an inverse, op-
timization or other search problem. Since these prob-
lems involve initially unknown, posterior pdf func-
tions, importance sampling can only be performed ap-
proximately, usually through some adaptive or learn-
ing procedure as sampling progresses.

Inverse problem, inversion The problem of determining
the parameters of a physical system given some data.
The solution of an inverse problem requires measure-
ments of observable quantities of the physical system,
and the mathematical expression (the forward prob-
lem) that relates the parameters defining the physi-
cal system (model space) to the data (data space). In
inverse problems, estimates of the unknown parame-
ters in the model space and of their uncertainties are
sought from the combination of the available informa-
tion on the model parameters (prior pdf ), the data and
the forward problem.

Likelihood function A non-normalized pdf .
Misfit function A function that quantifies the disagree-

ment between observed and calculated values of one
or more quantities. See objective function.

Model space If the model parameters are described by
a vector m, then model space M is the set of all pos-
sible values ofm.

Objective function A function expressing the quality of
any point in the model space. Inversion and optimiza-
tion procedures use an objective function to rank and
select models. Usually objective functions are defined
in terms of misfit functions, and for probabilistic in-
version the objective function must be a pdf or likeli-
hood function.

Origin time The time of occurrence of initial energy re-
lease of an earthquake rupture or other seismic event.

Prior pdf A pdf that expresses the information on the un-
known parameters available before an inverse problem
is solved. For an earthquake location, the prior pdf is
often a simple function (e. g., boxcar) of three spatial
dimensions and time. See also Inverse problem.

Probability density function – pdf A function in one or
more dimensional space X that (i) when integrated

over some interval 
x in X gives a probability of oc-
currence of any event within
x, and (ii) has unit inte-
gral over space X, where X represents a space of possi-
ble events. An earthquake location pdf is often a 3-di-
mensional probability density function over all pos-
sible spatial locations or a 4-dimensional probability
density function over all possible spatial locations and
times of occurrence.

Posterior pdf A pdf that expresses the information about
the unknown parameters available after inversion.
The posterior pdf for an earthquake location is often
a function of the three spatial dimensions and the ori-
gin time of the hypocenter parameters; this function
may be complicated. See also Inverse problem.

Ray path A local minimum-time path between a source
and receiver of idealized, infinite frequency wave en-
ergy of a specified wave type (e. g., P or S).

Receiver or station Synonyms for an observation point
where ground motion is detected and a seismogram
recorded.

Seismic phase A distinct packet of energy from a seismic
source. Usually refers to a specified wave type (e. g.
P or S) satisfying a particular physics of wave propa-
gation.

Seismicity The distribution in space and time of seismic
event locations.

Seismogram An analogue or digital recording of the
ground motion at a point (receiver or station) in the
Earth. Also called a waveform.

Source A general term referring to an earthquake, explo-
sion or other release of seismic energy as a physical
phenomenon localized in space and time.

Station See receiver.
Travel time The time that a signal, e. g. elastic wave en-

ergy of a seismic phase, takes to propagate along a ray
path between two points in a medium.

Uncertainty Random variation in the values assumed by
a variable. See also error.

Definition of the Subject

An earthquake location specifies the place and time of oc-
currence of energy release from a seismic event. A loca-
tion together with a measure of size forms a concise de-
scription of themost important characteristics of an earth-
quake. The location may refer to the earthquake’s epicen-
ter, hypocenter, or centroid, or to another observed or cal-
culated property of the earthquake that can be spatially
and temporally localized. A location is called absolute if
it is determined or specified within a fixed, geographic co-
ordinate system and a fixed time base (e. g., Coordinated
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Universal Time, UTC); a location is called relative if it is
determined or specified with respect to another spatio-
temporal object (e. g., an earthquake or explosion) which
may have unknown or uncertain absolute location.

For rapid hazard assessment and emergency response,
an earthquake location provides information such as the
locality of potential damage or the source region of a pos-
sible tsunami, and a location is required to calculate most
measures of the size of an earthquake, such as magnitude
or moment. Locations are required for further analysis and
characterization of the event, for studies of general pat-
terns of seismicity, to calculate distributions of stress and
strain changes around the earthquake, for assessing future
earthquake hazard, and for basic and applied seismologi-
cal research.

Since earthquakes occur deep in the Earth, their source
locations must be inferred indirectly from distant obser-
vations, and earthquake location is thus a remote-sens-
ing problem. Most commonly an earthquake location is
determined by the match or misfit between observed ar-
rival times of seismic wave-energy at seismic stations, and
predictions of these arrival times for different source lo-
cations using a given elastic-wave speed model; this is
an inverse problem. Essentially, many potential locations
(place and time) are examined and those for which some
measure of misfit between predicted and measured arrival
times is smallest are retained as best estimates of the true
location.

Many numerical location methods involve lineariza-
tion of the equations relating the predicted arrival times
to the location through Taylor expansion involving partial
derivatives; these are called linearized methods. Methods
that do not involve linearization are called nonlinearized
or direct-search methods. The term nonlinear is used am-
biguously in geophysics to refer to linearized-iterated and
to nonlinearized methods. In this chapter we focus on
nonlinearized, direct-search methods, and to avoid ambi-
guity we identify them with the term direct-search.

Direct-search location can be performed through
graphical analysis, regular or stochastic searches over
a space of possible locations, and other algorithms. Di-
rect-search earthquake location is important because, rel-
ative to linearized methods, it is easy to apply with realistic
earth models which may have abrupt and complicated ve-
locity variations in three-dimensions, it places little restric-
tion on the form of the measure of misfit, it is stable (i. e.,
does not suffer numerical convergence problems) when
the observations are insufficient to fully constrain the spa-
tial location or origin time, and it can produce comprehen-
sive, probabilistic solutions which indicate the full location
uncertainty, often a complex function of space and time.

Conversely, the primary advantage of linearized location
methods is that they are much less demanding computa-
tionally than direct-search methods.

Introduction

Most commonly, an earthquake location is determined us-
ing observed seismic-phase arrival-times and associated
uncertainties, and predicted travel times in a given wave-
speed model. Ideally, the location procedure will deter-
mine a 4-dimensional, posterior probability density func-
tion, or location pdf , over all possible solutions (spatial lo-
cations and origin times). This location pdf quantifies the
agreement between predicted and observed arrival times
in relation to all uncertainties, and forms a complete, prob-
abilistic solution. In practice, however, an earthquake lo-
cation is often specified as some optimal solution (a point
in space and time) with associated uncertainties.

The earliest, formal earthquake locations using seis-
mic-phase arrival-time observations employed direct-
search procedures such as graphical methods (e. g., [37])
or simple grid searches (e. g., [52]). The advent of digi-
tal computers in the 1960’s lead to the use of iterated lin-
earized approaches based mainly on Geiger’s method [17].
Since the 1980’s, the increasing power of digital computers
has made large-scale, grid and stochastic direct searches
practical for routine earthquake location. Direct-search
methods are now used routinely in research and earth-
quake monitoring (e. g., [22,23,31,32,46,48,61]).

In principle, direct-search methods can be applied to
locate the relative positions of ensembles of events, and for
joint epicentral determination (e. g., [47]) to simultane-
ously determine multiple earthquake locations and station
corrections related to errors in the velocity model. How-
ever, the high-dimensionality of such problems makes
direct-search solution difficult and computationally de-
manding; at the present time these problems are usually
performed through large scale, linearized procedures. For
these reasons, we mainly consider here absolute location
of individual events.

In this article we describe the earthquake location
problem and direct-search methods used to perform this
location, and we present a number of examples of di-
rect-search location. We do not compare different direct-
search location methods or compare direct-search to lin-
earized algorithms, but instead focus on illustrating im-
portant features and complexity in earthquake location re-
sults. For this reason we emphasize direct, global-search,
probabilistic location, which produces general and com-
plete solutions that best illuminate these features and
complexity.
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The Earthquake Location Problem

An Inherently Nonlinear Problem

In a homogeneous medium with wave speed v and slow-
ness defined to be u D 1/v, the arrival time, tobs, at an ob-
servation point xobs, yobs, zobs of a signal emitted at origin
time t0 from a source location at x0; y0; z0 is,

tobs D t0Cu
h
(xobs�x0)2 C

�
yobs�y0


2
C (zobs�z0)2

i1/2
;

(1)

This expression shows that a change in the spatial position
of the source introduces a nonlinear change in tobs, even
in the simplest possible medium. When the speed v and
hence slowness u are inhomogeneous in space, the arrival
time at the observation point becomes,

tobs D t0 C
Z

r0(s)

u (r0) ds ; (2)

where r0(s) denotes a point at distance s along ray path
r0 between source and receiver locations. Equation (1) is
a special case of (2) that has straight source-receiver ray
paths. Equation (2) is nonlinear since a change in the
source location changes the ray path over which the inte-
gral is calculated. Thus, earthquake location, which maps
arrival times into spatial location and origin time, is inher-
ently a nonlinear problem.

The Observed Data

Data used to constrain earthquake locations are usually
derived from seismograms recorded at seismic stations
distributed around the earthquake source area, usually at
or near the surface of the Earth. The derived data for
earthquake location include arrival times, polarization an-
gles, or array slownesses and azimuths. For earthquake
location there are three important aspects of this data
determination:

1) choosing locations for the stations (before data have
been collected),

2) deriving data and associated uncertainties from the
seismograms, and

3) association of the derived data into subsets of data cor-
responding to unique events.

The first important aspect of data determination is choos-
ing station locations with the goal of constraining as tightly
as possible event locations for a given source area; this is
classified as a problem of “experimental design” in the field
of statistics. The design problem must be resolved prior to

data collection and so is posed in terms of expected data,
and expected location results. We describe experimental
design techniques in more detail later, after introducing
and discussing the location solution on which such designs
depend.

Once stations are installed and have recorded seismo-
grams from earthquakes of interest, a data set must be ex-
tracted that is sensitive to the event source location, and
which we can associate with some physics (e. g., of P or S
waves) and paths of wave propagation. Most commonly
for earthquake location the data set will be phase arrival
times and associated uncertainties picked manually or au-
tomatically from seismograms (Fig. 1). It is often easy to
detect and pick arrivals manually since the human eye can
identify a change in amplitude or frequency in the sig-
nal even in the presence of significant noise. The picking
of the S phase is sometimes more difficult because it ar-
rives in the P coda and can be preceded by S to P or other
converted phases; this is a common problem with record-
ings at local (e. g., up to about 100 km) and near-regional
(e. g., up to about 300 km) distances, especially if horizon-
tal component seismograms are not available. The auto-
matic detection, identification and picking of P and S ar-
rivals is much more difficult, especially in the presence of
high noise levels. However, automatic detection and pick-
ing is faster and, for the case of initial P phases or other
phases with characteristic forms, can produce a more con-
sistent data set than manual processing. Automatic arrival
detection relies on identifying temporal variations in en-
ergy, frequency content, polarization or other character-
istics of the signal which are anomalous relative to their
background or noise level. Often the detection and picking
algorithms are applied to filtered and processed time-se-
ries in order either to reduce noise, or to augment the sig-
nal in pre-set or dynamically-determined frequency bands
or polarization directions. See [18] for an approach that
exploits neural networks for phase identification and pick-
ing, and [82] for a review and systematic comparison of
several approaches to automatic detection and picking.

The data used for earthquake location (e. g., arrival
times) must have associated uncertainty estimates other-
wise the location uncertainty and a probabilistic solution
(i. e., location pdf ) can not be calculated. Most generally,
a vector d that describes the data takes values from a data
space D, and p(d) denotes the pdf representing uncer-
tainty in d. The uncertainty in arrival time data should in-
clude not only an estimate of the uncertainty in the picked
phase arrival time, but also uncertainty in which phase
(e. g., P or S) is associated with the pick. If there are multi-
ple expected phase arrivals close to the picked arrival time
of a phase, then ideally these should all be taken as can-
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Earthquake Location, Direct, Global-Search Methods, Figure 1
A short waveform segment (� 5 sec) showing the firstPwavearrivals from a small earthquake in Northern Italy recorded on a vertical
component seismogram at a nearby station. Automatic arrival pick times (vertical blue lines) and uncertainty estimates (blue error-
bars) are shown for two phases, a first arriving P phase (P0) and secondary P arrival (P1). The red curves show the data pdf functions
representing these arrival pick times and uncertainties for an event location procedure where the data P(d) is approximated by
a normal distribution. The green curves show irregular, asymmetric pdf functions thatmaymore accurately represent the uncertainty
in the phase arrival times; if such pdf functions were routinely estimated during arrival picking, they could be used for direct-search
location without major difficulty

didate phase types for the arrival. Also, the pick uncer-
tainty of each phase may be best described by a pdf that
is asymmetric in time, since usually a latest-possible time
for a pick is much easier to define than the earliest time
(Fig. 1). True data uncertainty pdf ’s are therefore gener-
ally multi-modal, and can be quite complex to calculate
and parametrize. In practice, an enumerated quality indi-
cation or, at best, a simple normal distribution (Gaussian
uncertainty) is used to describe the picking error, and the
phase association is usually fixed (e. g. to P or S) so cor-
responding uncertainties are ignored. In many cases these
simplified data uncertainty estimates will lead to bias or
increased error in the resulting event locations.

The third important aspect of data determination is the
association of the derived data into sets of data for unique
events. For example, this association may entail the assign-
ment of each observed arrival time within a specified time
window to a unique event, forming the minimum possi-
ble number of events and corresponding arrival time sets
required to explain observed data. This association proce-
dure can be very difficult, especially with automatic sys-
tems and when there are signals from multiple seismic
events that are close or overlapping in time (e. g., [24]),
and we do not address this issue further here. In the fol-
lowing, except for an examination of outlier data, we im-
plicitly assume that location is performed with a data set
that is already associated to a unique event.

The Velocity or Slowness Model

The velocity or slowness model specifies seismic wave-
speeds in the region of the Earth containing the sources,
the receivers and the ray paths between the sources and
receivers. Equation (2) is nonlinear with respect to source
location, but also with respect to slowness since a change
in the slowness distribution of the medium changes the
ray path. The velocity structure is sometimes estimated
through coupled, simultaneous inversions for velocity
structure and event locations (commonly called seismic
tomography), but these are very large inverse problems
solved mainly with linearized methods. Usually for earth-
quake location the velocity model is taken as known and
fixed.

Often, for computational convenience or due to lack of
information, the velocity model is parametrized with ve-
locity varying only with depth. This is commonly called
a laterally homogeneous or 1-dimensional (1D) model.
Such a model may consist of one or more layers of con-
stant or vertical-gradient wave-speeds. For work at a lo-
cal or near-regional scale the layers may be horizontal and
flat; for larger, regional or global scale problems the lay-
ers should be spherically symmetric shells to represent the
curvature of the Earth. When more information on the
velocity structure is available, a 3D model may be used
in order to increase the accuracy of the ray paths and
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travel times, and hence of the locations, relative to a 1D
model. All models, whether 1D or 3D, are described by
a limited number of parameters and include some form
of spatial averaging or interpolation with respect to the
true Earth. Although 3D models can potentially represent
velocity variations in the Earth more accurately than 1D
models, in practice the velocities in 3D models can locally
be poorly constrained and have large errors. It is there-
fore often important to consider several different possible
1D and 3D velocity structures in a location study, either
to test the sensitivity of the locations to errors in velocity,
or to better estimate the travel-time uncertainties and pro-
duce a more meaningful location pdf . In principle the use
of diverse velocity models poses no difficulties with direct-
search location methods.

The Travel-Time Calculation

The theoretical seismic wave travel-times through a given
velocity model between any particular source and receiver
locations are required by most location algorithms. The
calculation of travel times is commonly referred to as for-
ward modeling, because inverse theory need not be in-
voked. There are three basic classes of methods to calcu-
late the travel times: full-waveformmethods, ray methods,
and Huygens wavefront or eikonal methods.

Full-waveform methods (e. g., [1]) produce complete
synthetic seismograms from which predicted travel times
can be extracted. These methods include frequency–
wavenumber or modal-summation techniques which are
valid for a broad range of frequencies and can produce ex-
act waveforms, but which are only applicable for relatively
simple velocity structures. Numerical techniques such as
finite elements and finite differences can accurately model
full wave phenomena in complicated structures, but these
methods typically require large computing resources and
computing time. Currently, full-waveform methods are
rarely used to determine predicted travel times for earth-
quake location because these times can be obtained di-
rectly and more efficiently with ray and eikonal methods.

Ray methods (e. g., [1,7,75]) provide travel times and
the path, or ray, traveled by high-frequency waves, and
can be applied to complicated and 3D velocity structures.
With simple model parametrizations such as flat layers
with constant or gradient velocity, ray paths and travel
times can be determined very rapidly with analytical or
semi-numerical algorithms. For these and more compli-
cated models, shooting, or ray tracing techniques generate
rays by iterativly solving of a set of ray-tracing equations
starting in a specified direction at the source or receiver lo-
cation. The ray that passes through a specified end point is

found by a search over the direction at the starting point;
this search can be time consuming or unstable. In addi-
tion, shooting methods do not produce diffracted arrivals
(e. g., “head waves” from the Mohorovičić discontinuity)
which are often the first arriving signal at near-regional
distances and are thus critical for earthquake location.
Two-point, ray bending and perturbation techniques rely
on Fermat’s principle of least time: an initial guess at the
ray between two points is perturbed repeatedly to attain
a minimum travel time and corresponding ray between
the points. These techniques perform best with smooth
models, but do produce diffracted arrivals. In general, ex-
cept for analytical or semi-numerical algorithms in simple
models, ray methods are too computationally expensive
for direct-search location, which usually requires evalua-
tion of travel times between a very large number of source
and receiver positions. However, some ray bending meth-
ods (e. g., [39,77]) are efficient enough to be used in direct-
search location when a relatively small number of source
and receiver positions position need to be examined.

Wavefront, eikonal and graph-based methods [75]
provide travel-times of the first arriving, high frequency
waves including diffracted arrivals, and are efficient and
applicable with complicated, 3D velocity structures. In ef-
fect, these methods propagate wavefronts through a veloc-
ity model with repeated application of Huygen’s principle,
by considering a large number of virtual sources (Huy-
gens sources) along each wavefront. At time t these sources
emit circular wavelets which expand for a small time 
t
through the (constant) local, medium velocity. The locus
of the first arriving circular wavelets defines the new wave-
front location at time t C
t. The synthetic travel time
of the first-arriving energy at the receiver is the time at
which a wavefront first touches the receiver. In practice,
this problem is solved on a computer either by replicat-
ing this “wavefront marching” process (e. g., [50,66]), or
by finding a numerical solution to the eikonal equation
(e. g., [44,79]), or by graphical analysis (e. g., [38]). Though
wavefront, eikonal and graph-based methods produce di-
rectly only the travel time of the first-arriving signal, in-
formation about the path traveled by the signal can be de-
rived numerically from the travel-time field or from ray-
tracing, and travel-times of secondary arrivals can be ob-
tained through multi-stage calculations (e. g., [44,51]).

Wavefront, eikonal and graph-based methods can effi-
ciently generate the travel-times from one point in a grid-
ded velocity model to all other points in the model. This
makes these methods particularly useful for direct-search
location, which may test a large number of possible source
positions widely distributed in space. For this purpose, the
travel times from each seismic station to all points in the
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model can be pre-calculated and stored in computer disk
files or in memory; obtaining the travel time from a sta-
tion to any other point then reduces to a simple lookup
(e. g., [35,38]).

A Complete Solution – Probabilistic Location

Consider a vector dobs of observed data (e. g., arrival times)
that takes values in a data space D, and let p(d) be the pdf
over D describing the data uncertainty in dobs due to mea-
surement and processing uncertainties. Similarly, letm de-
note the vector of source location parameters (spatial co-
ordinates and origin time) which take values from param-
eter space M. Let p(m) be the prior pdf representing all
information available about the location before (prior to)
using the data dobs; p(m) might include knowledge of the
known, active fault zones in the area, or might specify the
bounds of a region within which we know the event oc-
curred from damage reports, or of a region containing the
network of stations that recorded the event. Also consider
the forward problem (e. g., travel time calculation) relat-
ing m to a vector of predicted data (e. g., arrival times),
dcalc. In general the forward problem may also be uncer-
tain, for example due to uncertainties in velocity structure,
so we use F(d;m) to denote the pdf of the relationship be-
tween dcalc andm as constrained by the forward problem.

As an example of F, it is commonly assumed that for
each particular m, the corresponding predicted data dcalc
are given by a function f(m) with negligible errors. Then
the conditional pdf F(djm) (the probability distribution
of d when m is fixed at a particular value) is described by
F(djm) D ı[d � f(m)] where ı is the Dirac delta-function.
Also, the forward problem is often assumed to place min-
imum possible constraint on parameters m; the pdf de-
scribing this state of information aboutm is called the ho-
mogeneous distribution, represented by �(m). No pdf ex-
ists that describes zero information, but some information
aboutm always exists in practice (the positivity of param-
eter values, for example); �(m) describes that minimum
state of information. In that case the forward problem is
given by [73,74],

F(d;m) D ı[d � f(m)]� (m) : (3)

A solution to the earthquake location problem is found by
combining the information in the observed data, p(d), the
prior pdf , p(m), and the ability of the forward problem to
predict the observed data, F(d;m) [73,74]. This is achieved
in a probabilistic framework by constructing a pdf Q de-
scribing the state of posterior (post-experimental) infor-

mation by:

Q(d;m) D k
p(d)F(d;m)p(m)

�(d;m)
; (4)

where the constant k normalizes Q to unit integral over
D � M and �(d;m) is the homogeneous distribution over
data d and parametersm. Equation (4) contains all infor-
mation (from the prior knowledge, data and physics) that
could have a bearing on location m, and defines a joint
pdf between parametersm and data d. The final, posterior
state of information about location parametersm is given
by integrating over the data d to obtain the marginal pos-
terior pdf ,

Q(m) D k p(m)
Z

D

p(d)F(d;m)
�(d;m)

dd : (5)

Equation (5) is the general, probabilistic solution to the
inverse problem of event location from the available data
since it describes the uncertainty in event locationm given
all available information. It is usual to call the integral in
(5) the likelihood function L(m), which gives a (non-nor-
malized) measure of how good any modelm is in explain-
ing the observed data p(d).

As mentioned earlier it is often the case that p(d)
for the observed data is approximated by a Gaussian
distribution, described by mean d0 and covariance ma-
trix Cd . Assuming that the uncertainties in the forward
problem F relating d and m are negligible results in the
form of F in Eq. (3). It is also usually assumed that d
and m are independent and hence that �(d;m) can be
written �(d)�(m); �(d) is usually taken to be constant.
With these simplifications, used by many current direct-
search location procedures, the (non-normalized) likeli-
hood function is given by,

L(m) D exp
�
�
1
2
[d0 � f(m)]T C�1d [d0 � f(m)]

�
: (6)

With the above simplifications a maximum likelihood ori-
gin time, t0, can be determined analytically from weighted
means of the observed arrival times and the predicted
travel times (e. g., [74]), and if the observed and predicted
times are uncorrelated we arrive at a likelihood function,

L (x) D exp

(

�
1
2

X

i

�
To
i � Tc

i (x)
�2

�2i

)

; (7)

where x is the spatial part of m, To
i are observed travel

times, Tc
i are the calculated travel times for observation i

(i. e., Tc
i represents the travel time, rather than arrival time,
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part of f(m)), and � i summarizes the associated standard
deviation of uncertainty in To

i and Tc
i .

Though not normalized, L(x) is sufficient to provide
the relative probability of any locationm being the best es-
timate of the event location given the available data mea-
surements. Since in practice integrating over all of D � M
to find normalizing constant k in Eq. (5) is often compu-
tationally intractable, the product of the prior, spatial lo-
cation information p(x) (i. e., the spatial part of p(m)) and
the non-normalized likelihood L(x) is usually taken as the
objective function for inversion and searching in direct-
search location algorithms. If L(x) is determined through-
out the prior pdf p(x) through a global-search, then Eq. (5)
can be normalized approximately after location. In the fol-
lowing text and examples, we refer to such an approxi-
mately normalized function, p(x) L(x), as a location pdf .

The likelihood function in Eq. (5) is entirely defined by
the probabilistic error processes involved. However, often
it is desirable to change the approximations employed in
deriving Eqs. (6) and (7) from Eq. (5), in order to remove
biases or instability in the solution. The approximation in
Eq. (6) uses the exponential of an L2-norm misfit function
(the term in braces { } in Eq. (6) or (7)) to represent the
pdf of the data error variation, but because data used for
location often contain outliers it is often considered that
an L1 norm or other Lp norm (p < 2:0) is more appropri-
ate (e. g., [69]), where Lp�norm jxj D 1/p

pP
jxi jp . Earth-

quake location problems formulated with an Lp norm (or
indeed other kinds of likelihood functions – see Eq. (8)
below), can be solved relatively easily with direct-search
methods, which, unlike linearizedmethods, do not require
determination of partial derivatives of the likelihood or
objective function with respect to event location.

An alternative to Lp-likelihood functions that is very
robust in the presence of outliers is given by the equal dif-
ferential-time (EDT) formulation [16,31,84]. For the EDT
case, the location likelihood is given by,

L (x) D

2
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where x is the spatial part ofm, To
a and T

o
b are the observed

arrival times and TTc
a and TTc

b are the calculated travel
times for two observations a and b; the sum is taken over
all pairs of observations, and N is the total number of ob-
servations. Standard deviations �a and �b summarize the

assigned uncertainties on the observed arrival times and
calculated travel times, where it is assumed that the ob-
served and the calculated times are uncorrelated.

In Eq. (8), the first and second terms in brackets in the
exponent are, respectively, the differences between the ob-
served arrival times and the differences between the calcu-
lated travel times. The exponent is the difference between
these two terms, and thus the exponential has a maximum
value of 1 which occurs at points x where the two differ-
ences are equal (hence, the name “equal differential time”).
Such points x best satisfy the two observations a and b to-
gether, and, in general, the set of xwhere the exponential is
nonzero forms a “fat,” curved surface in 3D space. Because
the summation over observations is outside the exponen-
tial, the EDT location pdf has its largest values for those
points x where the most pairs of observations are satisfied
and thus is far less sensitive to outlier data than Lp norms
which seek to best satisfy all of the observations simultane-
ously. Note that the EDT likelihood function L(x) does not
require calculation of an origin time t0; this reduces the
hypocenter search to a purely 3-parameter problem and
contributes to the robustness of the EDT method. Never-
theless, a compatible estimate of t0 can be calculated for
any hypocenter point x.

Ultimately, the full solution to the probabilistic loca-
tion problem is a posterior pdf which includes as compre-
hensive as possible uncertainty information over param-
eters m. This may include multiple “locally-optimal” so-
lutions, e. g., Q(m) or p(x) L(x) may have multiple max-
ima, and may have a highly irregular form. Some stud-
ies of seismicity and seismotectonics make explicit use of
a probabilistic representation of seismic event locations
(e. g., [22,31,46]).

Experimental Design Methods –
Choosing Receiver Locations

As noted earlier, it is important to position stations so as
to constrain as tightly as possible the event locations for
a given source area. The location inverse problem solu-
tion in Eqs. (5), (7) or (8) is constrained by prior informa-
tion on location p(m), by observed data p(d), and by for-
ward-problem physics relating d and m. One way to sig-
nificantly influence the form of this inverse problem, and
hence uncertainty in its solution, is to change the data we
record. Thus, we alter both p(d) and the forward-problem
physics, F(d;m).

For seismic location problems we may change the data
by employing experimental design methods to choose or
change the locations of seismic receivers. The goal of the
design procedure is to place receivers such that the loca-
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tion information described by solution Q(m) is expected
to be maximized. This is a “macro-optimization” problem
where, prior to the occurrence of an earthquake, we opti-
mize the design of the inverse problem that we expect to
solve after an earthquake has occurred.

The design is varied such that it maximizes an objec-
tive function. This is usually taken to be the expected value
of some approximation to the unique measure of informa-
tion that was discovered by Shannon [67],

J(R) D Emt

˚
I
�
Q(m); R;mt

��
(9)

where R is a vector describing the design (e. g., receiver lo-
cations), I[Q(m); R;mt] is the information contained in
the resulting posterior pdf Q(m) for design R when the
true parameters (e. g., event location) ismt , and the statis-
tical expectation Emt is taken over all possible mt which
(according to our prior knowledge) are expected to be
distributed according to the prior distribution p(m). J(R)
should be maximized.

Within the expectation in Eq. (9), the design criterion
J(R) takes account of all possible potential true event loca-
tions mt , their prior probability of occurrence p(m), and
the corresponding data (including their uncertainties) that
are expected to be recorded for each location (the latter
are included within Q(m)). To calculate the expectation
usually requires integration over a far greater proportion
of the model and data spaces, M and D respectively, than
need be considered when solving the inverse problem after
a particular event has occurred (since then p(d) and hence
Q(m) are fixed, and p(m) is more tightly constrained).
Consequently, experimental design is generally far more
computationally costly than solving any particular inverse
problem post-event.

For this reason, design methods invoking linearized
approximations to the model-data relationship F(m;d)
(e. g., Eq. (10) below) have been employed by necessity in
the past [11,13,49,70], or indeed non-probabilistic meth-
ods have been employed (e. g., [9,10,36,71]). Truly non-
linearized design methods have been developed for loca-
tion problems only relatively recently [12,78,80]. Histori-
cally, however, station network geometry has been defined
more by heuristics (rules of thumb) and geographical, lo-
gistical and financial constraints, with design theory only
recently being deployed.

LocationMethods

Once data have been recorded and prior pdf ’s defined,
a solution such as that of Eqs. (5), (7) or (8) must be eval-
uated throughout the prior pdf , p(x), to identify one or
more “locally-optimal” solutions, or, preferably, to obtain

a full probabilistic location pdf . This evaluation gener-
ally requires direct-search optimization and search tech-
niques, which we discuss below. We first digress and sum-
marize linearized location procedures, which typically de-
termine a single optimal hypocenter along with a simpli-
fied and approximate representation of the location pdf
(e. g., a confidence ellipsoidal centered on the estimated
hypocenter and origin time).

Linearized Location Methods

With linearized methods the arrival time expression (2),
which is nonlinear with respect to the spatial location
m D (x; y; z), is approximated by a Taylor series expan-
sion around some prior estimate m0 D (x0; y0; z0) of the
spatial location:

f (m) D f (m0)C (m �m0) f 0 (m0)

C
(m �m0)2

2
f 00 (m0)C O

�
(m �m0)3

�
(10)

where f (m) is the forward problem that calculates an ar-
rival time dcalc given a location m (e. g., f (m) might rep-
resent the right hand side of Eq. (2) directly). A linear vec-
tor-matrix inverse problem is obtained if we approximate
the forward problem for all dcalc by using only the first
two terms of the Taylor series. The resulting vector-ma-
trix equation may be solved using linear algebraic meth-
ods. This process is called linearized inversion.

Usually, this linearized inversion is iterated: the prior
estimate m0 is set equal to the newly-found, best-fit loca-
tion, the problem is re-linearized around this new estimate
using Eq. (10), and the new linear problem solved again.
This method may be repeated (iterated) many times, as
needed to attain some convergence criteria.

Linearized methods produce a single, best-fit (e. g.,
maximum likelihood) hypocenter and origin time loca-
tion, and associated, linearly-estimated uncertainties, such
as a multi-dimensional, normal-distribution centered on
the best-fit hypocenter and origin time. However, this lin-
earized solution is often a poor representation of the com-
plete solution pdf (Fig. 2 and see examples), and it may
be unstable when the pdf is irregular or has multiple peaks
due to insufficient or outlier data, velocity model complex-
ities, and other causes (e. g., [5,34]).

Direct-Search Location Methods

The earliest, formal earthquake locations from phase ar-
rival time observations used nonlinearized procedures.
Milne [37] describes and applies several graphical and al-
gebraic methods to determine earthquake locations. These
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Earthquake Location, Direct, Global-Search Methods, Figure 2
Schematic diagram comparing linearized and direct-search lo-
cations for the case where the complete location pdf is moder-
ately complicated, with two maxima. This example arises from
the case of a location at the limits of the recording network and
near a sharp, horizontal interface in the velocity model between
lower velocities above and higher velocities below. The colored,
contoured form shows the true location pdf , as should be deter-
mined by a complete, probabilistic, direct-search location proce-
dure. A linearized location that iterates from an initial trial loca-
tion below the sharp interface will find an optimal hypocenter
near the secondary, local maximum of the location pdf , below
the interface. The linearized error ellipsoid, based on the curva-
ture of themisfit function at this optimal hypocenter, reflects the
form of this secondary maximum only. The linearized location
procedure never identifies or explores the primary maximum of
the pdf above the sharp interface, and produces incorrect error
information above this interface (i. e. the uppermost part of the
error ellipsoid). A probabilistic, direct, global-search procedure
can determine the complete location pdf and identify correctly
the maximum likelihood hypocenter located above the sharp
interface

include a perpendicular bisector method for the case of 3
or more simultaneous arrival time observations (related to
the modern arrival order or bisector method), a method
of hyperbolae based on the differences in arrival times at
pairs of stations (related to the modern EDT method) and
a method using the differences in arrival times of different
wave types at individual stations. The latter is a generaliza-
tion of the method of circles using S-P times, in which the
distance from a station to the source is, for given P and S
velocity models, a function of the difference of the S and P
arrival times; an epicenter can be constrained with such
S-P based distances from 3 stations. Reid [52] determined
a hypocenter location for the great 1906 California earth-
quake through a coarse, systematic grid search over veloc-
ity, position along the causative fault and depth, solving
for the origin time and wave velocity by least-squares at
each grid point.

The arrival order or bisector method [2,42] is a non-
linear, geometrical approach that uses the constraint that
if a phase arrival is earlier at station A than at station B,
then the event is closer to A than to B (assuming the ve-
locity model is such that arrival order implies distance or-
der). Applying this constraint to all pairs of stations de-
fines a convex region containing the event location. This
method is useful for obtaining some constraint on the lo-
cation of events far outside of an observing station net-
work, and for rapidly and robustly obtaining starting loca-
tions for linearized methods.

Most other modern, direct-search earthquake loca-
tion methods (excluding graphical methods that are now
mainly used for illustrative and educational purposes) are
based on deterministic or stochastic searches which may
be exhaustive or directed and evolutionary. These searches
are used to explore or map likelihood functions such as
those given in Eqs. (5), (7) or (8). When these searches
gather and retain information globally, throughout the
prior pdf p(x), they can produce a complete, probabilistic
location pdf . Otherwise, searches may determine a global
or local maximum of the location pdf , or may explore the
neighborhood around these optimal points to locally esti-
mate the pdf and obtain uncertainty information.

Regular, Deterministic Search Regular and deter-
ministic searches, such as grid-searches, nested grid-
searches and stochastic, “crude” Monte–Carlo searches
(e. g., [20,62]) use global and well-distributed sampling of
the model space and thus can estimate the complete lo-
cation pdf . All of these approaches are computationally
demanding for problems with many unknown parame-
ters, large parameter spaces, or time consuming forward
calculations, because the number of models that must be
tested can be very large. Thesemethods have been success-
fully applied to the determination of optimal hypocenters
(i. e., [14,26,61,69]), and to probabilistic location (i. e., [6,
34,38,83]), but their inefficiency may impose unacceptable
limitations on the number of events that can be consid-
ered, or on the size of the search volume.

Directed Search Directed, stochastic search techniques
include evolutionary, adaptive global search methods such
as the genetic algorithm [19,59] and simulated anneal-
ing [28,53,72]. The simplex method is a directed, deter-
ministic search technique that is nonlinearized and can
be used for earthquake location (e. g., [48]). Most of these
methods were developed for optimization or the identi-
fication of some very good solutions, which is equivalent
to identifying a global or local maximum of the location
pdf . In general, these methods do not explore the prior
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pdf p(x) in a manner that can produce complete, proba-
bilistic solutions to inverse problems. For example, the ge-
netic algorithm performs global searching and may be one
of the most efficient stochastic methods for optimization,
but it does not use well distributed sampling (the sam-
pling tends to converge rapidly to the region of a locally
optimum solution). Similarly, in the simulated annealing,
random-walk method the interaction of its variable “tem-
perature” parameter and step size with the local structure
of the misfit function can lead to convergence and stalling
near a locally optimum solution, and a sample distribu-
tion that is neither well nor globally distributed. Both the
genetic algorithm and simulated annealing can be tuned
to sample more broadly and in the limit become crude
Monte Carlo searches, but this removes the main advan-
tage of these methods – that of rapid stochastic optimiza-
tion.

Though not directly applicable to complete, proba-
bilistic location, directed search algorithms are useful for
direct-search, earthquake hypocenter estimation because
of their efficiency (e. g., [4,48,60,61]).

Importance sampling The efficiency of a Monte Carlo
algorithm used to estimate properties of a target (misfit or
likelihood) function can be increased by choosing a sam-
pling density which follows the target function as closely as
possible [20,30,45]. Techniques that follow this rule are re-
ferred to as importance sampling methods, and were orig-
inally developed in physics for fast and accurate numer-
ical integration of multi-dimensional functions. The tar-
get function is unknown, however, and consequently the
optimum importance sampling distribution cannot be de-
termined a priori. Instead, improved efficiency is attained
by adjusting (or adapting or evolving) the sampling by us-
ing information gained from previous samples so that the
sampling density tends towards the target function as the
search progresses [30,40,45,65]. For example, importance
sampling to determine an earthquake location pdf or like-
lihood function (e. g., Eqs. (5), (7) or (8)), can be obtained
by beginning with a sampling that follows the prior pdf ,
p(m), and then adjusting the sampling as the search pro-
gresses so that the sampling density approaches the poste-
rior, location pdf .

Importance sampling techniques that can be used to
find complete, probabilistic solutions to inverse problem
include the VEGAS algorithm [30], the Metropolis al-
gorithm [40], the neighborhood algorithm [55] and, for
three-dimensional problems, oct-tree [33]. Other impor-
tance sampling methods are discussed in Hammersley and
Handscomb [20] and in Press et al. [45] in the context of
numerical integration.

The VEGAS algorithm [30,45] performs importance
sampling by accumulating appropriate sampling distribu-
tions independently for each parameter as the sampling
proceeds. This method can give very good estimates of
an individual or a joint marginal pdf , but it looses effi-
ciency if the target function includes strong correlation
between parameters or if it is independent of some pa-
rameters [45]. In addition, the VEGAS algorithm may
be difficult or impossible to implement with prior infor-
mation, such as smoothness constraints, that introduces
correlation between parameters. Consequently, this algo-
rithm may not be appropriate for some geophysical prob-
lems, including earthquake location, when the location pa-
rameters are often correlated or poorly resolved.

The Metropolis or Metropolis-Hastings algorithm
(e. g., [40]) is similar to simulated annealing but with
a constant temperature parameter. The Metropolis algo-
rithm performs a random walk in the model space, test-
ing at each step nearby trial samples which are accepted or
rejected after evaluation of the forward problem accord-
ing to a likelihood L(m). In [40] it is shown that this al-
gorithm samples from the posterior pdf of the problem
and is therefore an importance sampling method. They
show that, in the limit of a very large number of trials, it
will not become permanently “trapped” near local max-
ima and consequently will produce global sampling. Also,
because it is a random walk technique, the Metropolis al-
gorithm can perform well even if the volume of the sig-
nificant regions of the posterior pdf is small relative to
the volume of the prior pdf . However in practical appli-
cation, with a finite number of samples, this algorithm can
become trapped in strong local maxima of the posterior
pdf if this function is complicated. The Metropolis algo-
rithm has been applied to earthquake location in 3D struc-
tures [34,35].

Another recently developed importance sampling
technique used in geophysics is the neighborhood algo-
rithm [55,56,57], applicable to high dimensional model
spaces. Given an existing set of samples of the objec-
tive function, the neighborhood algorithm forms a con-
ditional pdf using an approximate Voronoi cell partition
of the space around each sample. The algorithm generates
new samples through a uniform random walk within the
Voronoi cells of the best fitting models determined so far.
This algorithm is applied to the 4D hypocenter location
problem in [27,58].

The oct-tree importance-sampling method [33] uses
recursive subdivision and sampling of rectangular cells in
three-dimensional space to generate a cascade structure
of sampled cells, such that the spatial density of sampled
cells follows the target pdf values. The relative probability
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that an earthquake location lies within any given cell i is
approximately,

Pi D Vi L (xi ) ; (11)

where Vi is the cell volume and xi is the vector of coor-
dinates of the cell center. Oct-tree importance-sampling
is used to determine a location pdf by first taking a set
of samples on a coarse, regular grid of cells throughout
the search volume. This is followed by a recursive pro-
cess which takes the cell k that has the highest probabil-
ity Pk of containing the event location, and subdividing
this cell into 8 child cells (hence the name oct-tree), from
which 8 new samples of the pdf are obtained. These sam-
ples are added to a list of all previous samples, from which
the highest probability cell is again identified according to
Eq. (11). This recursive process is continued until a prede-
termined number of samples are obtained, or until another
termination criterion is reached.

For most location problems, including those with
a complicated location pdf , the oct-tree recursive subdivi-
sion procedure converges rapidly and robustly, producing
an oct-tree structure of cells specifying location pdf values
in 3D space. This oct-tree structure will have a larger num-
ber of smaller cells in areas of higher probability (lower
misfit) relative to areas of lower pdf value and thus the oct-
tree method produces approximate importance-sampling
without the need for complex geometrical constructs such
as Voronoi cells. Oct-tree sampling can be used with the
L2-norm likelihood function in Eq. (7) or the EDT likeli-
hood function in Eq. (8), since both require searching over
three-dimensional spatial locations only. Oct-tree sam-
pling has been applied to earthquake location in 3D struc-
tures [22,23,31,32]; we use this sampling method to deter-
mine locations in the examples presented below. Though
limited to determination of the 3D, spatial location, this
recursive sampling procedure can be extended to 4D to al-
low determination of the origin time.

Illustrative Examples

We illustrate the concepts described in the previous sec-
tions using an M3.3 earthquake that occurred in the
Garfagnana area of Northern Tuscany, Italy, on March
5, 2007 at 20:16 GMT. The earthquake was recorded by
stations of the Italian National Seismic Network (INSN)
at distances from less than 10 km to more than 300 km.
We use manually picked P and S phase arrival times from
the INSN bulletin with Gaussian uncertainties (standard
deviations from 0.01 to 0.1 s), and a 1-D velocity model
similar to the standard model used by INSN for routine

earthquake location in Italy. We perform all event lo-
cations with the probabilistic location program NonLin-
Loc [31,34,35] (http://www.alomax.net/nlloc; NLL here-
after), using the oct-tree sampling algorithm (Sect. “Lo-
cation Methods”) to perform a global-search within a pa-
rameter space M formed by a rectangular volume 360 km
on each side and from the Earth’s surface to 35 km depth
(except as noted in figure captions). We use the L2-norm
(Eq. (7)) or EDT (Eq. (8)) likelihood functions to obtain
location pdf ’s in 3D space and corresponding maximum
likelihood origin times.

In order to describe the location problem and the so-
lution quality for each of the examples presented below we
focus on geometrical properties of the location pdf , which
represents most completely the results of probabilistic, di-
rect, global-search methodologies. We also consider the
maximum likelihood hypocenter, defined as the point in
space of the maximum value of the location pdf , and the
corresponding origin time. We examine statistics of the
quality of the solutions using the half-lengths of three prin-
cipal axes of a 68% confidence error ellipsoid approxi-
mation to the location pdf , lell, the weighted, root-mean-
square of the arrival residual (observed – calculated) times,
rms, and a relative measure of the volume of the high like-
lihood region of the location pdf , Vpdf, given by,

Vpdf D
Z

M

pdf (x)
pdfmax dV ; (12)

where pdfmax is the maximum value of the location pdf in
M. We also make use of standard measures of the experi-
mental design quality (i.e, stations coverage) including the
gap – the largest angle between the epicenter and two az-
imuthally adjacent stations used for location, and the dis-
tance
0 from the hypocenter to the closest station. These
indicators are summarized in Table 1 for the examples pre-
sented here.

These examples are meant to show important features
and complexity in earthquake location results, not to com-
pare different direct-search location methods or to com-
pare direct-search to linearized algorithms. However, be-
cause linearized earthquake location has been and remains
an important andwidely used tool, we indicate for each ex-
ample the location results obtained with a linearized algo-
rithm, Hypoellipse [29]. Hypoellipse uses a least-squares,
L2-norm and produces a 68% confidence ellipsoid for the
hypocenter location. For well constrained locations this el-
lipsoid should closely match the pdf of our probabilistic,
L2-norm locations; we plot the Hypoellipse ellipsoid for
cases where it differs notably from the probabilistic loca-
tion, L2-norm pdf .

http://www.alomax.net/nlloc
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Earthquake Location, Direct, Global-Search Methods, Table 1
Summary of results and quality indicators for the example locations. Rpdf is the radius of a sphere with volume Vpdf; l1ell, l

2
ell, l

3
ell are

the half-lengths of the error ellipsoid axes; NP is the number of phases used for the location;	0 is the distance to the closest station

Example Lat Lon Depth rms gap �0 NP Vpdf Rpdf l1ell l2ell l3ell
(ı) (ı) (km) (s) (ı) (km) (km3) (km) (km) (km) (km)

Ideal
1a 44.208 10.295 10.98 0.399 89 9.1 20 26 1.8 1.6 2.2 3.2
1b 44.208 10.295 10.98 0.000 63 9.1 50 7 1.2 1.1 1.3 2.1

Station
distribution

Few stations

2a 44.163 12.267 47.44 0.000 335 232 2 742001 82.3 30.9 53.9 223
2b 44.172 9.565 77.60 0.001 192 25.8 4 21600 25.3 5.9 43.2 81.9
2c 44.208 10.295 14.40 0.000 173 64.5 3 2011 7.8 4.8 7.3 20.2
2d 44.208 10.295 10.98 0.000 99 9.1 8 66 2.5 2.1 2.7 4.9

Side 3 44.207 10.296 11.03 0.004 251 29.0 19 444 4.7 3.4 4.7 11.0

Far
4a 44.207 10.296 11.03 0.006 103 106 46 234 3.8 2.0 2.4 17.8
4b 44.208 10.295 10.98 0.000 103 106 50 66 2.5 1.7 2.2 8.1

Experimental
design

5a 44.215 10.290 15.13 0.014 229 9.9 6 1806 13.4 8.3 13.7 59.1
5b 44.208 10.295 7.83 0.007 89 36.3 6 381 6.6 3.1 3.7 11.5

Outlier
L2-norm 6a 44.207 10.296 11.03 0.007 135 9.00 10 172 3.5 2.9 3.7 6.7

6b 44.120 10.267 9.02 0.813 156 10.5 10 172 3.5 3.0 4.2 9.0

EDT 6c 44.221 10.305 9.94 0.006 132 9.4 10 167 3.4 4.5 7.7 15.2
6d 44.215 10.304 10.02 0.540 133 9.0 10 275 4.0 10.7 30.8 42.9

Early warning

7a 44.139 10.194 24.79 0.012 307 15.6 3 628090 53.1 18.7 81.6 104
7b 44.210 10.302 10.57 0.015 250 8.8 4 33908 20.1 18.4 30.0 105
7c 44.208 10.295 11.12 0.008 227 9.1 5 1704 7.4 5.3 13.9 30.2
7d 44.207 10.296 11.03 0.007 135 9.0 10 172 3.5 2.9 3.7 6.7

Incorrect
velocity model

L2-norm 8a 44.208 10.295 10.98 0.000 63 9.1 50 15 1.5 1.3 1.7 2.9
8b 44.160 10.244 2.69 0.808 66 11.4 50 17 1.6 1.3 1.7 3.0

EDT 8c 44.220 10.305 9.98 0.000 63 9.4 50 11 1.4 1.2 1.5 2.6
8d 44.192 10.280 7.20 0.795 64 9.3 50 167 3.4 2.8 3.9 6.7

Example 1: An Ideal Location

To construct an ideal, reference location and synthetic
data set for the 2007 Italian earthquake we first locate the
event using the earliest 20 observed P or S arrival times
(Fig. 3; Table 1; Example 1a). Next, we subtract the arrival
residuals for this location from the corresponding times
for all observations and relocate the event with the earliest
50 of these “corrected” times (Fig. 3; Table 1; Example 1b).
This procedure results in an ideal, synthetic data set and
a location problem that are equivalent to the case of no
“a posteriori” picking error and no travel-time error (i. e.,
no velocity model error). For this problem the quality of
the solution and the shape of the resulting location pdf re-
flect primarily the station geometry and corresponding ray
take-off angles about the source.

The reference location (Fig. 3; Table 1; Example 1b)
has rms D 0 s, gap D 63ı, 
0 � 9 km, Vpdf � 7:0 km3

and lell D 1:05, 1.32 and 2.05 km. The rms is necessarily
zero because we used residuals as time corrections, while
the other indicators and the near-ellipsoidal form of the lo-
cation pdf show a well constrained location. The location

is well constrained by the data because stations are avail-
able at a wide range of distances and azimuths. In partic-
ular, the presence of a station nearly above the event, and
of both P and S-wave arrival times for the closer stations,
give good depth constraint.

Examples 2–5: Station Distribution

In the next examples we show locations for three cases
with poor station distribution about the source:

1) few available stations;
2) stations all to one side of the event; and
3) no data for stations near or above the source. In ad-

dition we illustrate the application of experimental de-
sign techniques to improve the station distribution.

Example 2: FewAvailable Stations Wefirst examine re-
locations of the 2007 Italian earthquake obtained with dif-
ferent numbers of P and S arrival times selected from the
ideal, synthetic data set (Fig. 4; Table 1; Example 2a–d).
With only two stations and 2 arrivals (2 P phases) the loca-
tion pdf is a fat, near-vertical, planar surface with an elon-
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Earthquake Location, Direct, Global-Search Methods, Figure 3
Example 1: An ideal location. a Location obtained using the first 20, observed P or S arrival times; b location obtained using the
first 50, P or S corrected arrival times from the ideal, synthetic data set. The elements shown in these and the following figures are:
stations used for location (blue dots, in some cases stations fall outside the plotted region); location pdf (red cloud of points showing
an importance sample drawn from the pdf); maximum likelihood hypocenter (green dot); ideal, synthetic location (black cross); P
arrival residuals at each station: positive (green, up-going bars) and negative (red, down-going bars), numbers indicate residual value
in sec. The Hypoellipse linearized locations and ellipsoids do not differ significantly from the direct-search locations shown in this
figure
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Earthquake Location, Direct, Global-Search Methods, Figure 4
Example 2: Fewavailable stations. Locations obtained usingprogressively (a–d) a larger number of arrival observations.a 2Pphases
(2 stations); b 2P and 2 S phases (2 stations); c 3P phases (3 stations); d 5P and 3S phases (5 stations). For the locations in a and b the
oct-tree search is performed to 100 km depth. In this and the following figures the 68% Hypoellipse ellipsoid is shown with green
lines. Hypoellipse linearized location: does not converge for the location in panel a; ellipsoid differs markedly from the direct-search
location pdf in panels b and c; and does not differ markedly from the direct-search location in panel d

gated, boomerang shape trending perpendicular to the line
connecting the two receivers (Fig. 4a). With the addition
of S arrivals from the same stations (4 arrivals – 2 P and
2 S phases) the location pdf is greatly reduced in volume,
and has the form of an annulus oriented roughly perpen-
dicular to the line connecting the two receivers (Fig. 4b).
The annular form of this pdf results from the intersection
of the boomerang shape pdf produced by the 2 P phases
(Fig. 4a) and two hemispherical pdf ’s centered on each sta-
tion. Each of these hemispherical pdf ’s would be produced
by location using only the P and the S reading from either
station; this is the probabilistic analogue to the method of
circles using S-P times.

With three stations (3 arrivals – 3P phases) the loca-
tion pdf forms one mass and its volume is further reduced.
This location pdf retains an irregular, curved shape result-

ing from poor constraint of one spatial dimension that
trades off with origin time (Fig. 4c). For all of these lo-
cations the problem is effectively underdetermined – the
data cannot constrain all three hypocentral coordinates
and origin time. In these cases a linearized location algo-
rithm may not converge and would be unable to represent
properly the effective location uncertainties. As more data
are added, the location pdf progressively reduces in size
and complexity, and with the addition of a station close
to and above the source (8 arrivals – 5 P and 3 S phases),
the location pdf has a compact, near ellipsoidal form indi-
cating some constraint on all hypocentral coordinates and
origin time (Fig. 4d). This location is similar to that ob-
tained with the complete, ideal data set (Fig. 3b), though
the location pdf remains much larger than that of the ideal
case which has arrival times from many more stations.
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Example 3: Stations toOne Side of the Event – LargeGap
Next, we examine the case of earthquakes occurring out-
side of the recording network with an example using P ar-
rival times from stations only to the southeast of the earth-
quake (Fig. 5; Table 1; Example 3). The location pdf is large
and elongated in a northwest-southeast direction oriented
towards the centroid of the available stations because the
lack of stations to the northwest (and use of P times only)
allows a strong trade-off between potential hypocenter lo-
cations along this direction and origin time. In contrast,
there is some constraint of the pdf to the northeast and
southwest due to the aperture of the available stations. The
poor station distribution and potential lack of constraint
is clearly indicated by the large gap value for this location,
gap D 251ı. One or more good quality S readings can re-
duce the elongation of the pdf .

Example 4: Stations Far From the Event – Vertically
Elongated PDF We next show an example where the
nearest recording stations are far from the earthquake, rel-
ative to its depth, and either P arrival times only or both P
and S arrival times are available (Fig. 6; Table 1; Exam-
ples 4a–b). With this station geometry the seismic rays
leave the source region with approximately the same dip-

Earthquake Location, Direct, Global-Search Methods, Figure 5
Example 3: Stations to one side of the event. A location example with P-wave arrival times at 7 stations only to the southeast of the
event. The Hypoellipse ellipsoid differs markedly from the direct-search location pdf in this figure

direction to all stations. Consequently a change in source
depth gives about the same change in predicted travel
times to all stations. This change in travel time is indis-
tinguishable from a change in origin time (c.f., Eqs. (1) or
(2), leading to a strong trade-off between origin time and
depth. Consequently the location pdf has a vertically elon-
gated shape which, for the case of P arrivals only (Fig. 6a),
extends throughout the entire search range in depth in-
dicating no depth constraint. For a linearized location al-
gorithm this location problem can be effectively underde-
termined, though most linearized algorithms can fix the
hypocenter depth artificially in order to obtain a stable epi-
central location. The addition of S arrival times (Fig. 6b)
improves the depth constraint to some extent, although
the location pdf remains highly elongated in the vertical
direction. The lack of close stations and potential lack of
constraint is clearly indicated by the large
0 value for this
location,
0 � 106 km.

This case is common with sparse networks and with
shallow sources. Reducing the vertical extent of the pdf re-
quires stations at distances of the order of the source depth
or less. The addition of one or more good quality S read-
ings, especially at the closest stations, would further im-
prove the depth constraint.
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Earthquake Location, Direct, Global-Search Methods, Figure 6
Example 4: Stations far from the event. A location example using stations far from the epicenter, with a P arrival times only, b both P
and S arrival times. Hypoellipse linearized location: ellipsoid differsmarkedly from the direct-search location pdf in panel a; and does
not differ markedly from the direct-search location in panel b

Example 5: Stations Selection with Experimental Design
Next, we illustrate the application of experimental design
techniques to station selection (Fig. 7; Table 1; Example 5).
Considering a case similar to Example 3, which has 6 sta-

tions to one side of the event giving poor constraint on
the location, we determine an optimal set of 6 stations
to best constrain the location. To do this we apply a lin-
earized design method [13] to select an optimal subset of 6
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Earthquake Location, Direct, Global-Search Methods, Figure 7
Example 5: Stations selection with experimental design. A location example showing a Location using the stations with the
first 6 available arrival times, b location using an optimal set of 6 stations as determined with a linearized experimental-design
method. Available stations not used or selected are shown with open triangle symbols. Hypoellipse linearized location: ellipsoids
differ markedly from the direct-search location pdf ‘s in panels a and b

of the available INSN stations to best constrain an event at
the (known) location produced by the ideal, synthetic data
(Example 1b).

The design procedure does not simply select the 6 clos-
est receivers to the source (i. e. first 6 available arrival
times, Fig. 7a), but instead selects receivers distributed
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around, and to a large distance away from the source
(Fig. 7b). This choice can be understood as balancing the
distribution of directions (azimuth and inclination) that
the rays leave the source to the selected receivers, a di-
rect result of the use of the linearized approximations to
the model-data relationship Eq. (10) in the linearized de-
sign method [13]. This method is based on selecting sta-
tions based on the similarity between the rows of the loca-
tion kernel matrix of the linearized problem; the approach
does not differ significantly from that of Uhrhammer [76]
based on the condition number of the same matrix. The
improvement in station distribution in azimuth is indi-
cated by the small gap value for this location, gap D 89ı.
The resulting location pdf (Fig. 7b) is compact and sym-
metric relative to the location pdf obtained from the first
6 stations recording the P phases (Fig. 7a), and the max-
imum likelihood hypocenter is close to the ideal location
hypocenter.

Example 6: Incorrect Picks
and Phase Identification – Outlier Data

For a given hypocenter location, an outlier arrival time has
a residual that is much greater than its nominal error. Data
outliers are common with automatic phase arrival picking
algorithms, with S arrival picks, for small events, distant
stations, or other cases where the signal to noise ratio is
low, and for early instrumental data where large timing er-
rors are common. In many cases, such as automatic earth-
quake monitoring and early warning systems, it is impor-
tant to have robust location procedures that are influenced
as little as possible by the presence of outliers. One way to
achieve this is to use robust likelihood functions such as
EDT Eq. (8). In the example below, we compare the per-
formance of EDT and the more commonly used L2-norm
likelihood functions.

This example uses only stations near the source, and
arrival times from ideal, synthetic data sets for both the
L2-norm and the EDT likelihood functions. We add 3 s
to the P arrival time at two stations to generate outlier
data, and examine L2-norm and EDT locations without
and with the outlier data (Fig. 8; Table 1; Examples 6a–
d). The L2-norm location with the outlier data (Fig. 8b)
does not identify and isolate the two outlier P-arrivals but
instead mixes information from these arrivals with the
other data resulting in relatively large, non-zero residu-
als for all arrivals. This results in a bias of about 10 km
in the maximum likelihood hypocenter location relative
to the ideal location hypocenter, while the location pdf
for the L2-norm locations with and without outlier data
have about the same size and form, but have little over-

lap (Figs. 8a and 8b). Thus the L2-norm solution gives no
clear indication of the presence of outlier data, or that the
solution may be biased. In contrast, the EDT location for
the data set containing the outliers (Fig. 8d) correctly iden-
tifies the two outlier arrivals (the EDT residuals for these
two outlier data are both about 2.9 s) and strongly down-
weights them (from 1.2 to 0.17 posterior weight), while
producing small residuals (< 0:08 s) for the remaining ar-
rival, as would be the case without outlier data. The max-
imum likelihood hypocenters for the EDT locations with
and without outlier data are almost identical, but the loca-
tion pdf ’s are very different (Fig. 8c and 8d). With outlier
data, the pdf has an irregular shape and several distinct
parts, reflecting the inconsistency of the data set to con-
strain a unique event location. For the outlier locations,
a potential problem with the data set is indicated by the
large rms values with both L2-norm and EDT, and with
EDT alone, by the asymmetry in residuals, the irregular
pdf shape, and the large Vpdf and lell values.

This result shows that location in the presence of out-
lier data can be remarkably stable with the EDT likelihood
function, which is easy to implementwith direct-search lo-
cation techniques. In contrast, the same location with the
commonly used, L2-norm likelihood function is biased,
while presenting few indicators of this bias.

Example 7: Earthquake Early-Warning Scenario

Location for earthquake early-warningmust be performed
rapidly and in an evolutionary manner starting with the
first available phase arrivals. In this example we examine
the ability of direct-search location to obtain robust and
useful location information using P arrivals from the first
stations that record the Northern Italian event (Fig. 9; Ta-
ble 1; Examples 7a–d).

Within about 6 seconds after the origin time, t0,
three P reading are available. Location with these readings
produces an extensive location pdf that fills the southwest
quadrant of the search region (Fig. 9a); this pdf does not
provide useful constraint on the location, but is robust in
that it includes the true location. Progressive addition of
more arrival time data (Fig. 9b and 9c) reduces the size
of the location pdf . With 5 arrivals, at about 7 s after t0
(Fig. 9c), the maximum likelihood location is close to that
of the ideal, synthetic location and the location pdf is well
delimited, although elongated towards the west because no
arrivals are yet available from stations in that direction. By
13 s after t0 (Fig. 9d), 10 P arrivals are available and the lo-
cation pdf is now compact and symmetrical, primarily be-
cause a station to the northwest is included. This pdf has
small enough Vpdf and lell values to provide useful, prob-
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Earthquake Location, Direct, Global-Search Methods, Figure 8
Example 6: Incorrect picks and phase identification – outlier data. Locations using ten P-wave arrival times with L2-norm and a no
outliers, b two arrival-time outliers, and with EDT and c no outliers, d two arrival-time outliers. The stations with outlier arrivals
are shown with violet dots. Note the small pdf of L2-norm regardless of the outliers and, in contrast, the ability of EDT to detect
the outliers (see text). The Hypoellipse ellipsoid differs markedly from the direct-search location pdf in panel b. Hypoellipse not
compared to EDT locations in panels c and d

abilistic constraint on the location for early-warning pur-
poses at a regional scale, while the maximum likelihood
hypocenter is effectively the same as that of the ideal loca-
tion. In practical application, direct-search location results
similar to those illustrated here can be obtained within
a delay of less than 1 sec after the readings are available
(e. g. [64]).

Example 8: Incorrect Velocity Model

Any velocity model used for earthquake location is an ap-
proximation to the true Earth and thus will in general pro-
duce erroneous predicted travel times. The magnitude of
error in the travel times depends on many factors, but will
in general be larger for more distant stations and with in-
creased complexity in the true Earth structure. We exam-
ine the effect of an incorrect velocity models by repeating

the ideal location (Example 1a and b) with and without the
“corrected” times, and using 50 P arrivals (the ideal loca-
tion was determined using the first 20 P or S arrivals). We
examine locations using the L2-norm and EDT likelihood
functions (Fig. 10; Table 1; Examples 8a–d).

The locations with time corrections (Fig. 10a and 10c)
simulate the unrealizable case of perfect knowledge of
the velocity structure. With both the L2-norm and EDT
the location results show zero residuals, compact location
pdf ’s and a maximum likelihood hypocenter that neces-
sarily matches exactly the corresponding ideal location.
We note, however, that the L2-norm and EDT “ideal” lo-
cations differ slightly because they are derived from noisy,
real data, and they use different likelihood functions.

The locations without time corrections (Fig. 10b
and 10d) use the true observed data (i. e., travel times
through the true Earth) and thus show the effect of an in-



Earthquake Location, Direct, Global-Search Methods E 2469

Earthquake Location, Direct, Global-Search Methods, Figure 9
Example 7: Earthquake early-warning scenario. Progressive location using a 3, b 4, c 5 and d 10 stations. Hypoellipse linearized
location: ellipsoid differs markedly from the direct-search location pdf ‘s in panel a, b and c; and does not differ markedly from the
direct-search location in panel d

correct velocity model (i. e., the 1-D velocity model used
for location). This is shown by the pattern of positive and
negative residuals obtained with both the L2-norm and
EDT. The L2-norm location without time corrections has
a balanced distribution of positive and negative residu-
als and, relative to the L2-norm location with corrections,
a similar size location pdf and a biased maximum likeli-
hood hypocenter. In contrast, the EDT location without
corrections has more positive than negative residuals and,
relative to the EDT location with corrections, a larger lo-
cation pdf and nearly identical, unbiased maximum like-
lihood hypocenter. For these locations, a potential prob-
lem with the velocity model is indicated by the large resid-
uals and rms values with both L2-norm and EDT, and,
with EDT, by the asymmetry in residuals, the irregular pdf

shape, and the large Vpdf and lell values, as with the outlier
data example (Example 6).

In effect, locations with an incorrect velocity model
and with outlier data are mathematically similar, though
in the former case all or most residuals may be large while
in the latter case only a few will be large. It is difficult to
distinguish between the two cases with the L2-norm be-
cause this algorithm seeks to best satisfy all of the observa-
tions simultaneously (cf., Eq. (7)) by balancing the distri-
bution of positive and negative residual (cf., Fig. 8b and
Fig. 10b). Thus, relative to the residuals corresponding
to the correct location, the L2-norm solution damps and
hides larger residuals at the expense of increasing small
residuals. In contrast, EDT seeks to best satisfy the most
pairs of observations (cf., Eq. (8)) and imposes no inher-
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Earthquake Location, Direct, Global-Search Methods, Figure 10
Example 8: Incorrect velocity model. Locations using 50 P arrivals with the L2-norm and a time corrections, b no time corrections,
and with EDT and c time corrections, d no time corrections. The locations without the ideal time corrections show the effect of an
incorrect velocity model. The Hypoellipse linearized locations and ellipsoids do not differ markedly from the direct-search locations
shown in this figure

ent constraint on the distribution of residuals. Thus with
EDT the difference in number, magnitude and distribu-
tion of large residuals – few and large for the outlier case,
many of similar magnitude and spatially correlated for
the incorrect velocity model case – allows one, in princi-
ple, to distinguish between the two cases (cf., Fig. 8d and
Fig. 10d). In addition, the size and complexity of the loca-
tion pdf ’s generally increases more rapidly with EDT than
with the L2-norm as the solution quality decreases. Thus,
with both the outlier and incorrect velocity model cases,
the location results with the EDT likelihood function are
more informative than with the L2-norm. However, lo-
cation with the EDT likelihood function can become un-
stable (e. g. define only a local maximum of the pdf ) for
cases where the outlier data or velocity model errors lead
to extreme complexity in the topology of the EDT location
pdf .

Future Directions

There are various ways that direct, global-search location
methodologies may evolve in the future. For example, the
stability and completeness of the location and location pdf
could be improved with the use of more complete data
uncertainties, expressed as a pdf . These pdf ’s may typi-
cally be irregular and asymmetric, and difficult to deter-
mine and parametrize. Currently, enumerated quality in-
dications or, at best, simple normal distributions (describ-
ing Gaussian uncertainty) are used to describe the picking
error.

Similarly, we have shown that earthquake location de-
pends inherently on the velocity model adopted, but that
no realistic uncertainties are associated with this model.
Differences between the velocity model and the true Earth
can result in complicated differences in ray-paths and



Earthquake Location, Direct, Global-Search Methods E 2471

travel-times, which will depend strongly on the source and
receiver positions. These complications, combined with
the lack of knowledge about the true Earth, makes es-
timating true travel time uncertainties effectively impos-
sible. However, it can be assumed that changes become
progressively larger with increasing ray-path length. This
effect could be accounted for approximately by travel-
time uncertainties that increase with the ray-length or
travel time. Instead of using a velocity model to generate
travel times, another approach is to derive the required
times from tables of empirically determined or corrected
travel times (e. g. [41,43]). With this approach the travel-
time uncertainties are estimated from timing information,
with little or no direct use of velocity structures or ray
paths.

We have described and illustrated the importance of
the source-receiver geometry for locating earthquakes, no-
tably with regards to constraining a compact and symmet-
ric location pdf . Thus, improved constraint on event loca-
tions can be achieved through prior use of survey design
techniques to select station sites. In a related manner, af-
ter an event occurs, these techniques could be employed
dynamically to weight the available arrival times used for
location with respect to the geometry of the available sta-
tions around the likely source region.

The demand for rapid, real-time location and earth-
quake early warning requires improvements in the inte-
gration, speed, quality and robustness of the phase ar-
rival picking, phase association and event location pro-
cedures. Currently, development is progressing on inte-
grated procedures which are evolutionary and probabilis-
tic, using, for example, robust likelihood functions such
as EDT and information from not-yet-triggered stations
(e. g., [8,21,54,63,64]).

A current problem in direct-search location is how to
describe in a standardized and compact way the some-
times topologically-complex location pdf . For example,
such a description is needed if the pdf is to be included in
standard earthquake catalogs and for rapid dissemination
of probabilistic location information for earthquake early-
warning. More generally, making full use of the exten-
sive information in direct-search location solutions will re-
quire newmethods and procedures to store, distribute and
analyze the location pdf , maximum likelihood hypocenter,
arrival residuals and weights, and other statistics and qual-
ity indicators of the solutions.

The continuing increase in computer speed will allow
application of direct-search inversion methods to relative
location of ensembles of events and for joint epicentral de-
termination in the near future. The use of these methods
will be important to explore more completely the vast so-

lution space and better determine the error and resolution
for such high-dimensional inverse problems.

The continuing increase in computer speed will also
make practical earthquake location techniques using
waveform recordings directly, without the intermediate
stage of extracting phase arrival times. In these tech-
niques, continuous waveform data streams are matched
to synthetic Green’s functions within a global-search over
possible source locations and source parameters. This
type of approach is used to locate previously unidenti-
fied earthquakes using low amplitude surface waves on
off-line, continuous, broadband waveforms [15,68], and
for automatic, real-time estimation of moment tensors
and location from continuous broadband data streams
(e. g., [25]). Waveform methods will likely be applied to
earthquake location on local and regional scales as faster
computers and more accurate 3D velocity models become
available [81]; related applications using simple ray or
acoustic theories to generate the Green’s functions show
promising results (e. g., [3]).
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